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Abstract

The author discussed the prospect of using Artificial Intelligence (Al), and Big Data to transform
consumer behavior and business practice of industries in this chapter. It discusses the new
decision-making systems, the existence of algorithmic mediation, hyper-personalization, and
data-driven nudging and the role of psychological, sociocultural, and ethical variables in
consumer relations. The results of Al and Big Data in the scope of the consumer journey are also
analyzed in the chapter, which indicates its usage in the marketing sphere, the construction of
the UX, immersive technologies, and predictive analytics. The strategic implications of the
business, such as data monetization and competitive advantage are brought up, and the
contemporary trends in the human-centric, generative Al are provided. Combinations of these
factors make the chapter a sophisticated chart of consumer behavior and how it can be exploited
through the assistance of Al in the ever-changing data-driven market.
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1. Introduction
The fast pace of Artificial Intelligence

consumer decision-making, which rely
on rational, as well as on linear

(Al) and Big Data development is
radically changing consumer behavior
in the aspect of providing new
opportunities and threats to business in
every industry. The existing models of

decisions, are being complemented (or
replaced) by hybrid decision models
that are premised on algorithmic
suggestions, peer influences, and social
cues (Goldsmith, 2016; Ewerhard,
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Sisovsky, and Johansson, 2019; Groen,
Pavlin, Winterboer, and Evers, 2017).
The identified evolution allows the
businesses to predict, influence, and
understand the consumer choice better
using
recommendations, and generative Al
(Newell and Marabelli, 2015; Verma,
Sharma, Deb, and Maitra, 2021; Aeby,
Rao, and Gupta, n.d.).

Big Data is a strategic asset as well,
which means that it can inform about
the micro-patterns of consumers at a
granular level and can be used in
descriptive, predictive, and prescriptive
analytics of the decision-making
(Braganza, Brooks, Nepelski, Ali, and
Moro, 2017, Maier, Serebrenik, and
Vanderfeesten, 2013; Sharma, Sharma,
Purohit, Rout, and Sharma, 2022). The
form of consumer experience is also Al-
driven consumer experiences, which
are the consumer experience at every
step of the consumer process, including
awareness and consideration, purchase
and post-purchase, and chatbots,
among the only a few examples of such
consumer experiences are dynamic
pricing, fraud detection, and predictive
CRM (Agner, Necyk, and Renzi, 2022;
Kazienko and Adamski, 2007;
Wasilewski, 2024; Lee and Rha, 2016;
Brierley, Ozuem, and Lancaster, 2020).
In addition, there
psychological, sociocultural, and ethical
factors trust, elicitability,
privacy and cultural acceptance among

predictive analytics,

are  other

such as
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other things, which feature prominently
on the consumer responses on Al-based
interventions (Basabe et al., 2002; Lepri,
Oliver, Letouzé, Pentland, and Vinck,
2018; Shin, 2021; Degutis, Urbonavicius,
Hollebeek, and Anselmsson, 2023; Liu,
2011). It is possible that the companies
who  effectively  employ  those
technologies to derive the competitive
advantages through the application of
Al-assisted UX design, the use of
immersive AR/VR worlds, and the
monetization of the data can be on the
brink of the competitive advantages
without having to tackle the regulatory
and ethical issues (Wirtz, Schilke, and
Ullrich, 2010; Costa, Silva, and Moreira,
2024; Kim, Kim, Park, and Yoo, 2023;
Gizelis et al., 2024

2. Conceptual Foundations

The traditional models in the digital
world cannot fully explain the behavior
of the consumer. The Big Data and
Artificial Intelligence (Al) have changed
the search, evaluation and purchase
process of their products by people.
These technologies bring in emerging
hybrid choices, predictive
customization, and  information-
selected knowledge that revolutionize
the experiences of the consumers. To
comprehend changes, the
following section explores the three
main pillars, ie. the ever-changing
models of consumer behavior, the
advent of Al as a marketing instrument,

such
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and the importance of Big Data as a
strategic resource.

21 Understanding Consumer
Behavior in the Digital Economy

The models that were used in the
analysis of the consumer behavior
within the past are the Engel-Kollat-
Blackwell (EKB) model that speculates
on the basis of a rational decision-
making behavior that involves the
mode of  problem
information search,
evaluation, purchase, and post-
purchase behavior (Goldsmith, 2016).
What makes such conventional models
comfortable is the fact that they tend to
assume that the consumers are

recognition,
alternatives

independent rational actors where very
little technological mediation is present.
The same cannot be said about the
digital economy that is a paradigm shift
today. The emergence of the multi-
channel environments has also
introduced certain multi-dimensional
consumer experiences where selection
is no longer linear but goes through the
combination of online and offline
touchpoints (Ewerhard, Sisovsky, and
Johansson, 2019). The consumers are
currently depending on the hybrid
decision-making, which entails the
utilization of the human judgment and
the machine-based insight. One of them
is that products are chosen with the
assistance of algorithms, and social
evidence is introduced by means of peer
reviews and social indicators, which

practically alters the perception of value
(Groen, Pavlin, Winterboer, and Evers,
2017). This algorithmic mediation
violates the old paradigms of behavior
because it pursues algorithmic
mediation on all levels of decision-
making of the consumer (Newell and
Marabelli, 2015).

22 The Emergence of Artificial
Intelligence in Marketing

Artificial Intelligence (AI) has already
been put as one of the reasons behind
the current marketing systems and one
of the areas where the Al is applied is in
the consumer segmentation and
predictive analytics. Machine learning
allows marketers to recognize clusters
of behavior, know what is to be
preferred in the future, and streamline
campaigns than the traditional method
(Aeby, Rao, and Gupta, n.d.). Predictive
analytics will help in targeting high-
value customers to implement personal
interventions leading to the customer
becoming loyal and engaged (Verma,
Sharma, Deb, and Maitra, 2021).

One of the most essential marketing Al
uses is a recommendation engine,
which serves as an undercover
adjudicator to the customer. Filtering
can be used in Netflix, Spotify, and
Amazon algorithms to influence
consumer preferences in a minor way,
which helps people to spend less
cognitive resources to alter the patterns
of demand (Verma et al., 2021). The
result of the process is that the decision-

114



Dr. Smita Paranjape

making authority is transferred to Al
systems and increases the opportunities
of personalization but introduces the
issue of consumer control (Newell and
Marabelli, 2015).

2.3 Big Data as a Strategic Resource
The consumer insights on Big Data are
Al-based. This has been enabled by Big
Data with its Volume, Velocity and
Variety that did not exist before and
offers micro-patterns of granularity
(Maier, Serebrenik, and Vanderfeesten,
2013). These 3Vs enable businesses to
the existing
behavior, the buying situations and
uncover the unspoken relationships
that alter the marketing approach
(Braganza, Brooks, Nepelski, Ali and
Moro, 2017).

In addition to the descriptive analytics
which describe the past, the predictive
and prescriptive analytics can be
conducted with assistance of the Big
Data.
assumptions about future behavior, and
prescriptive analytics provides the most
efficient instructions of what should be
done to ensure a change of the future
(Sharma, Sharma, Purohit, Rout, and
Sharma, 2022). This is a shift towards
active and not reactive consumer
engagement in which the firms will not
only be able to comprehend what has
taken place but also strategize
interventions of what ought to take
place. At this, the Big Data will turn into

understand customer

Predictive analytics makes
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a strategic tool and introduce a certain
level of intelligence to the decision-

making process at the consumer
journey.
3. Shifts in Consumer Decision-
Making
The digital economy has altered the

the
consumer who no longer relies on the

decision-making paradigm of

rational and independent decision-
making paradigm but the process with
the influences of Artificial Intelligence
and data-driven systems. Algorithms
have already been chosen; advertising
is hyper-personalized and there are
certain nudges which predetermine the
unconscious preferences. Such changes
minimize intellectual work and lead to
regarding  independence,
privacy, and moral impact. The authors

issues

discuss three key changes that have
been initiated under this section among
others; these algorithmic
mediation, hyper-personalization, and
data-driven nudging.

3.1 Algorithmic Mediation of Choices
Recommendation systems are quite

include

significant in contemporary consumer
decision-making. The decision-making
process with Netflix, Amazon, and
Spotify as the algorithms used to filter
content and recommendations of the
products is a much less demanding
cognitive process (Agner, Necyk, and
Renzi, 2022). Curation on artificial

intelligence  will be  preferable
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compared to proactive search, as it has
been trained by the consumers to be.
This algorithmic mediation and making
the experiences personal, also recreates
a feeling of agency, because the
exposure to the options in the consumer
is controlled largely by the system

design, and not independent
exploration.
3.2 Hyper-Personalization and

Consumer Identity

Now personalization is shifted to
dynamic beyond targeting, to dynamic
approaches, such as personalized
adverts, dynamic pricing, and alternate
choices of multi-variation  user
interfaces, that change dynamically as
consumers behave (Kazienko and
Adamski, 2007; Wasilewski, 2024).
Although such innovations make the
world make it seem convenient,
appropriate, etc. they also bring about
the personalization-privacy paradox.
They will be able to appreciate the
special experiences, and at the same
time, become fearful at the prospect of
surveillance and being powerless (Lee
and Rha, 2016). It is a product of this
paradox since hyper-personalization is
the cause of fulfillment and disunity,
the personalization against a distrust of
being controlled.

3.3 Data-Driven Nudging and
Behavioral Economics

The other form of nudging can be
affected through the application of Al
technologies, =~ which can  cause

consumer decision making. An example
of effects that algorithm nudges can
exert on subconscious decisions are
predictive algorithms that can be acted
on by digital devices and lead to a
behavioral result at a particular decision
without being detected (Brierley,
Ozuem, and Lancaster, 2020). Although
the practices could enhance the
participation and decision-making
procedure, they lead to ethical concerns
that involve consumer autonomy,
manipulation and informed consent.
The connotation of the fact that
behavioral economics is incorporated in
Al-nudges implies that there is a thin
line between making the user
experience better and the dignity of a
human being in making personal
choices.

4. Al and Big Data Across the
Consumer Journey

Consumer experience is now the more
data-driven one, and it has become
feasible through the help of Artificial
Intelligence (Al) and Big Data that
influence the interactions at all levels,
starting with the awareness and
proceeding to the post-purchase
interactions. They allow real-time
customization, facilitate the decision-
making process, and improve customer
experience, and at the same time
undermine the issue of privacy and
ethical usage of consumer information
(Braun and Garriga, 2017).
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4.1 Awareness Stage

The awareness level demands
programmatic advertising and is
extremely important  since it

automatizes the ad space purchase
technique and provides highly targeted
messages to the correct audience on the
correct moment. This consumer-based
strategy assists the marketer to make
the campaigns simple and focus more
than the conventional advertisements
(Gertz and McGlashan, 2015).
addition to this, social media listening
and

In
sentimental analysis are also
applicable in assisting a company in
tracking perception,
discerning tendencies and
elevating the brand to a more noticeable
level, and ensuring the interaction is
both and  contextually
appropriate (Braun and Garriga, 2017).
4.2 Consideration Stage

Chatbots and virtual assistants belong
to consideration stage and are artificial
intelligence devices that introduce
consumers with an instant and
personalized response that will direct
them in a complex-based decision. They
are the tools that are used to reconstruct
the human experience, decrease the
reaction time, and enhance the quality
of the interaction (Braun and Garriga,
2017). They can also be applied in
decision making by
analysis as they allow the structural
comparison of product features, benefit
and value propositions that will be used

consumer
new

timely

comparative
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to select much narrower the consumer
selection and make wiser decisions
(Markman and Loewenstein 2010).

4.3 Purchase Decision

The other factor that determines the
purchase is the AI technologies since
they facilitate dynamism of the pricing
technologies that fluctuate in real time
depending on the demand, competition
and consumer behaviors. This improves
the management of the revenues and
competitiveness in the digital markets
(Kopalle, Pauwels, Akella,
Gangwar, 2023). In the meantime, Al-
based fraud prevention systems that
ensure transactions are incorporated
The
trends  of

and

into the e-commerce services.
inspect  the
transactions, identify anomalies and
reduce risks, which leads to improved
trust and confidence in online shopping
(Hasan and Rizvi, 2022).

4.4 Post-Purchase Experience
Predictive customer

systems

support
applications, e.g., conversational Al, are
increasingly influencing the after-sales
stage and can anticipate the problem
and take proactive steps to offer their
services (Braun and Garriga, 2017). In
addition to solving problems, the
customer relationship management
(CRM) system based on Big Data can
help the personal loyalty program and
retention strategy. The platforms
ensure that the customer is long-term
brand-loyal and undergoes customer
relationships because of the predictive
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analytics and humanistic contact
(Allison, 2024).

5. Psychological and Sociocultural
Dimensions

The buying behavior of the AI/Big Data
world will also be determined not only
by the degree of technology but also by
the degree of psychological confidence
and the questions of privacy and
cultural orientations. These dimensions
determine the perception people have
of the mediated interaction by Al and
the reason why they can choose or
refuse to share their data and
implement rules in various societies.
51 Trust and Transparency in AI
Systems

Trust in Al-driven decision making is
also important in explainability and
transparency in systems. This has
discovered that explainable AI (XAl) is
more effective in improving the trust of
the user since the outcome generated by
the algorithm is interpretable, and the
outcome can be explained causally
(Shin, 2021). It will also lead to the
acceptance of Al systems as it will
decrease the level of doubt concerning
the outcomes of the decisions. There is
however the fear that algorithms do not
have transparency and that they
possess biases, especially when it comes
to making decisions, which are sensitive
to issues like credit, medical services or
jobs. The lack of transparency is also
detrimental to transparency and justice,

and this is why Lepri, Oliver, Letouzé,
Pentland, and Vinck (2018) mention,
and explainability is a major attribute to
maintaining the trust of the consumers
in the long run.

5.2 Privacy Paradox in Consumer Data
Sharing

Although the issue of surveillance is
rapidly expanding, customers are ready
to give up their personal information in
order to get convenient, discounted, or
personalized Degutis,
Urbonavic, Hollebeek, and Anselmsson
(2023) prove that such disclosure
Behavior in the case may be explained

services.

by the social exchange of reciprocity, in
which the consumers recognize the
rewards in the gains obtained. The
given dynamic is representative of the
privacy paradox where the issues of
privacy are not as much as the real
practice is. The trade-off sheds light on
bigger ethical
personalization versus surveillance
since companies are now using
consumer data to the benefit of their
business (Lepri et al., 2018).

5.3 Cultural Variations in Data
Acceptance

The cultural background is an
important aspect that will influence the
attitude towards Al and data-driven
practices. The issue of individualism is
something that in the Western world
results in the lack of trust in the central
system of data collection and rule by
algorithms (Liu, 2011). On the other

scandals of
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hand, Asian collectivistic societies
might be more tolerant to the use of data
and interests of a social group and
community are more important than
privacy of an individual (Basabe et al.,
2002). Such aspects of culture as
regulatory tools, like the European
Union General Data Protection
Regulation (GDPR) and California
Consumer Privacy Act (CCPA) do have
such elements of the culture as well, in
the form of presenting more consumer
protection and responsibility to an
algorithmic practice (Lepri et al., 2018).
6.  Strategic for
Businesses

Implications

The use of artificial intelligence (AI)
does not merely change the behavior of
buyers but the
competition and the value-creation by
companies. Organizations are making
massive-scale marketing the
personalized approaches, such as
immersive technologies in the customer
experience, and customer data is
becoming a commercially viable
strategic asset. These changes introduce
some new opportunities and compound
implementation, ethics and
sustainability issues.

6.1 Redefining Marketing Strategies
Marketing  activities have  been
challenged due to insight-based
interactions as well as personalized
campaigns that had previously been
based on bulk market campaigns. The

also nature of

most
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personalization at a micro-moment and
real-time will help the business get the
consumer now when he/she stands the
best chance of purchasing and therefore
is likely to convert. The forecasting
models adopted in predicting consumer
Lifetime Value (CLV) allow companies
to easily identify and strike high value
consumers to ensure that the resources
are being managed in a strategic form.
Such actions will enable organizations
to harness the worth as well as respond
to the growing need of having relevant
and personalized experiences (Shukla,
Bisht, Tiwari, and Bashir, 2023).

6.2 Enhancing Customer Experience
Through Al

Control of Al technologies has formed
the
experience. The user experience (UX)
design is an artificial intelligence (AI)
design that allows flexible interfaces to
dynamically adapt to the consumer
behavior and enhance the usability and
the interaction (Costa, Silva, and
Moreira, 2024). The other characteristics
of the interface design and immersive
technologies, including augmented
reality (AR) and virtual reality (VR),
offer new and interactive shopping
experiences. Researchers also observe
that AR possesses a greater contextual
relevance compared to VR since the
latter provides digital content of an
overlayed world in comparison to the
fully immersive experiences of VR, and
the consumers perceive different things

re-invention of customer
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in the two modalities (Kim, Kim, Park,
and Yoo, 2023). The total amount of the
tools is a value added to the customer
experience, and brand contact.

6.3 Competitive Advantage Through
Data Monetization

Consumer information has also become
the priority resource, and it helps
organizations to gain competitive
advantage due to monetization. Data
monetization is utilizing the knowledge
of the consumers to enhance the
product, efficiency in operations, and
generation of new revenue. These
opportunities are also applied to data
sharing insights in the form of
partnerships and data  sharing
ecosystems (Shukla et al., 2023). It is not
that the monetization of data lacks the
problem of the complexity of
regulations and the necessity of having
common standards in the European
environment (Gizelis et al., 2024). It is
significant that companies should
overcome these opportunities and
challenges and treat data as a strategic
value without violating the rules and
losing consumers’ confidence.

7. Future Directions

The future of Al and Big Data consumer
behavior is the process of moving to
human-centered Al systems with its
explanatory, inclusive and ethically
focused interest. The significance of
algorithms transparency and bias will
probably emerge the most important

one, yet the companies will have to
bring an element of fairness and
transparency to their models to have the
capability to develop sustainable
consumer trust. It is only through such
a strategy that one will not only be able
to act in accordance with new rules but
also promote inclusivity by making Al
available and relevant regardless of
other cultures and socioeconomic
status.

Until then, generative Al will reshape
consumer interaction with a brand
through  co-creation of content,
products and experiences. Consumers
will not be just but on the contrary, they
will be active partners to the
development of offerings. Combined
with this, the industry is likely to cease
adhering to predictive models that
forecast the consumer behavior and
switch to prescriptive and adaptive
systems that will make real-time
decisions. The models will be used to
make companies dynamic in their
recommendations, pricing and
interaction models in creating highly
customized and responsive consumer
experiences without compromising on
automation or human agency.

Conclusion

Artificial Intelligence and Big Data will
transform consumer behavior at every
step of the customer journey and will
provide consumer experiences that are
hyper-personalized, predictive, and
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based on data.
transparency,
privacy, and
questions, although these technologies
have gigantic strategic benefits to the
business. The following generation is
human-oriented and moral friendly Al,
generative co-creation, and more
predictive-prescriptive models that are

The publicity of
cultural
trust

sensitivity,

raise serious

not tyrannical of the automation versus
consumer When the
innovations applied are successful, it

autonomy.

will assist the organizations to serve
more customer experience, customer
loyalty, and sustainable competitive
advantage in a market that is rapidly
advancing into data driven market.
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